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Abstract— This study investigates the impact of Customer Satisfaction, Operational Efficiency, and Retail IT AI Applications on Retail Financial Performance. The findings reveal a negligible and statistically insignificant negative effect of Customer Satisfaction on financial outcomes, challenging conventional wisdom regarding its primary role in driving retail success. In contrast, Operational Efficiency emerges as a critical determinant of financial performance, with significant evidence supporting the notion that operational enhancements can lead to substantial financial gains. Additionally, the study underscores the pivotal role of Retail IT AI Applications, demonstrating their significant positive impact on financial performance. The use of AI in areas like predictive analytics, personalized marketing, and efficient inventory management not only represents a trend but is identified as a fundamental shift necessary for maintaining competitiveness and achieving financial robustness in the retail sector. These insights contribute to a nuanced understanding of the interplay between technology, operational strategies, customer engagement, and financial performance, offering a roadmap for retail businesses aiming for sustainable growth and profitability. The study provides valuable implications for retail management, emphasizing the importance of strategic investment in technology and process optimization, and lays the groundwork for future research in this dynamic field.
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Introduction
A crucial field of research that connects technological breakthroughs and their real-world commercial ramifications is quantifying artificial intelligence's (AI) effects on the information technology (IT) retail industry (Guo & Palaoag, 2023). Three main areas are the subject of this thorough analysis: financial performance, operational effectiveness, and customer happiness (Mazilescu, 2020). The research explores how AI-driven personalization and advancements in customer service have transformed consumer experiences in IT retail by examining customer happiness. Regarding operational effectiveness, it assesses how AI improves inventory control, optimizes supply chains, and simplifies procedures to lower costs and increase agility. The last component, financial performance, examines AI initiatives' observable return on investment (ROI) by examining market competitiveness, profit margins, and revenue growth. This strategy comprehensively explains artificial intelligence's (AI) revolutionary role in the IT retail industry (Saqlain et al., 2022). It provides insightful information for stakeholders hoping to capitalize on AI's potential to spur innovation and commercial growth. (Khafaga et al., 2022)
This is a significant paradigm shift changing the industry and setting new standards for success as Artificial Intelligence (AI) finds its way into the retail IT sector (Yang & Yin, 2023). The IT retail sector's dynamic backdrop, defined by quickening technology breakthroughs, shifting consumer preferences, and escalating competition, forms the basis of this study (Atmoko, 2023). Artificial Intelligence (AI) has become a significant technical force, providing game-changing answers to persistent industrial problems thanks to its deep capabilities in data analysis, predictive modelling, and automated decision-making (Chaithanya & Brahmananda, 2022).
The swift integration of Artificial Intelligence (AI) within the Information Technology (IT) retail industry has ushered in a revolutionary era. Nonetheless, more quantitative knowledge is needed regarding how AI affects crucial business factors like financial success, operational effectiveness, and customer happiness (Wang et al., 2022). This disconnect is problematic because it is critical to understand AI's long-term and indirect implications on market positioning and strategic business development and measure the technology's immediate benefits, like better customer interactions and operational workflows (Alomari, 2022). 
This task becomes increasingly complex due to the multiple implementations of artificial intelligence (AI) in various IT retail contexts and varying levels of technological maturity (Khan et al., 2022). It is not easy to reach broad, applicable conclusions about the efficacy of AI in the industry because of this variability. Furthermore, separating the precise effects of AI from other simultaneous technology developments and market changes calls for a careful and nuanced analysis (Roy, 2022). 
Understanding how AI-driven discoveries convert into concrete commercial benefits is crucial to this challenge (Yuan, 2022). While AI plays a clear role in personalizing customer experiences, its effects on long-term commercial relationships and customer loyalty are more complex (Fatimah et al., 2022). Analysing operational benefits from AI, such as cost savings and improved inventory management, must also be done in the more significant long-term business viability and expansion framework. 
The objective is to carefully evaluate and analyse the complex function of artificial intelligence (AI) in retail IT. A complete methodology combining empirical data analysis, case study reviews, and industry expertise is required to realize AI's disruptive potential fully. In order to help IT retail businesses effectively leverage AI for long-term growth and competitive advantage, a balanced perspective that acknowledges both the potential and difficulties AI provides is intended.
literature review
Retail Financial Performance
Research on retail financial performance has identified several key factors. Found that retail activities significantly influence corporate retail product performance, with the first two categories being the most influential. Biiranee (2021) highlighted the impact of size and competition on bank performance in Nigeria, with a focus on policies to attract retail deposits. Hirtle and Stiroh (2005) and Lin et al. (2010) both emphasized the stability of retail banking, but Hirtle also noted its lower returns, while Lin highlighted the use of cost-minimizing electronic technology to provide liquidity and external financing. These studies collectively underscore the importance of retail activities and the need for effective strategies to enhance financial performance in the retail sector. 
The assessment of a retail company's capacity to turn a profit, control expenses, and experience steady growth is known as retail financial performance. Among other financial measures and indicators, it includes sales per square foot, profit margins, revenue growth, and return on investment (ROI). These indicators provide information about a retail company's health and viability. The capacity of a business to develop its revenue over time is indicated by its ability to open new locations, raise sales in existing ones, or enlarge its client base. Understanding a retail business's operational efficiency mostly depends on its profit margins, which indicate the proportion of revenue converted into profit. Larger profit margins frequently indicate improved pricing and cost control. (Li & Zhu, 2022)
Retail IT AI Application
A range of studies have explored the impact of IT on retail performance. Oh et al. (2012) found that IT integration in retail channels can enhance efficiency and innovation, leading to improved performance. Teo and Wong (1998) also noted a positive relationship between information quality and work environment improvement, which in turn can impact performance. Channon (1998) highlighted the strategic impact of IT on the retail financial services industry, particularly in driving cost reduction and quality improvement. Wang et al. (2008) further supported these findings, demonstrating that IT can significantly enhance the financial performance of third-party logistics firms. These studies collectively suggest that IT, including AI applications, can have a positive influence on retail financial performance. 
The influence of Retail IT AI Applications on Retail Financial Performance is multifaceted and significant. AI applications in retail IT, such as machine learning algorithms, predictive analytics, and automated inventory management, can dramatically enhance operational efficiency and customer experience, which are critical financial performance drivers. These technologies enable retailers to optimize supply chains, personalize customer interactions, and streamline various operational processes. 
By implementing AI-driven solutions, retailers can reduce operational costs, minimize waste, and improve stock management, increasing profitability. Moreover, AI can enhance customer satisfaction through personalized recommendations and improved shopping experiences, translating into higher sales and customer loyalty. This, in turn, boosts revenue growth, a key indicator of financial performance in the retail sector.
research methodology
 The research methodology for this study is quantitative, focusing on the empirical assessment of data to analyze the impact of Artificial Intelligence (AI) in the IT retail sector. This approach involves the collection and statistical analysis of numerical data to evaluate the influence of Retail IT AI Applications on financial performance, the role of customer satisfaction in retail financial success, and the impact of operational efficiency on financial outcomes. Primary data collection methods will include surveys targeting retail customers and business managers and extracting financial and operational performance data from retail IT systems.
The sample size for the study has been determined to be 200 respondents. This size was chosen to ensure a balance between statistical power and practicality. A sample of 200 individuals allows for sufficient variability and diversity in responses while remaining manageable regarding data collection and analysis. Additionally, this size is statistically significant enough to draw reliable conclusions about the impact of AI applications in the IT retail sector.
Theoretical Framework
The theoretical framework of the study is presented in Fig.1.
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Theoretical Framework
Data Analysis Method
Quantitative data from surveys is analysed using statistical tools for descriptive and inferential statistics, aiding in identifying trends and examining relationships between AI applications and key performance indicators like customer satisfaction and operational efficiency.
results
By using SMART PLS 4 Software to compute the data, descriptive analysis of the final result will be presented in this section.
Structural Model
The structural model of the study is presented in Fig. 2.
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PLS-SEM Model
Outer Loading
The provided data outlines the outer loadings in a structural equation modelling (SEM) framework or a comparable multivariate analysis.
Outer Loading
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It illustrates the strength of associations between several observed variables and their corresponding latent variables. Specifically, the observed variables H1 through H5 are indicators of the "Retail IT AI Application" latent construct, with outer loadings ranging from 0.81 to 0.925. These substantial loadings indicate that each observed variable is a robust and relevant measure of the latent "Retail IT AI Application" construct, with the higher values suggesting a more robust measure.
Similarly, the M1 to M5 observed variables are linked to the "Customer Satisfaction" construct, with all loadings exceeding 0.88, denoting a strong and consistent relationship. This pattern of high loadings implies that these indicators reliably capture the essence of customer satisfaction.
For "Operational Efficiency," indicated by observed variables RB1 to RB5, the loadings span from 0.885 to 0.968. Again, the strength of these loadings reflects a perfect measurement of the operational efficiency construct, with the indicators closely aligned with the underlying latent variable. 
Lastly, S1 to S5 are indicators for "Retail Financial Performance," with loadings between 0.904 and 0.967. This indicates a strong association with the latent construct, suggesting these observed variables effectively measure the financial performance of the entity in question. 
In the context of SEM, outer loadings of 0.7 or above generally indicate a satisfactory level of shared variance between indicators and their latent constructs. The data suggests that all indicators are well-correlated with their respective constructs, which implies that the model is likely well-specified with reliable measures. 
R-square
	The R-square and adjusted R-square values for a model that predicts retail financial performance are shown in the data. This is called the coefficient of determination or R-square (R)².
R Square
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Retail Financial Performance's R2 value of 0.904 indicates that the independent variables in the model can account for about 90.4% of the variance in Retail Financial Performance. This high number suggests that the model fits the observed data very well. 
Modified R² adjusted for the number of predictors in the model is known as the "adjusted R-square." It is always less than the R2 score because it penalizes the overuse of irrelevant predictors. Since the modified R-square offers a more precise indication of the goodness-of-fit for models with many predictors, it is frequently chosen over the regular R-square. The model has been suitably described in this case, and most of the independent variables included in the model significantly contribute to explaining the variance in Retail Financial Performance, as evidenced by the adjusted R-square of 0.902, which is quite near the R-square value. The proximity of the R-square and adjusted R-square suggests that the number of predictors is appropriate for the volume of data and that there is no significant penalty for needless complexity in the model.
F-square
	The impact of three distinct predictors on retail financial performance is shown by the f-square values in the data you provided. In the context of multiple regression analysis or structural equation modelling, the f-square value is a measure of effect size that shows how much an independent variable contributes, above and beyond the other variables in the model, to the explained variance in the dependent variable.
F Square
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Customer satisfaction has a relatively minor effect size—0.009—when looking at the f-square value. Considering the influence of other variables in the model, this implies that Customer Satisfaction has minimal effect on Retail Financial Performance. 
The f-square value of 0.688 for operational efficiency, on the other hand, is regarded as a substantial effect size. Above and above the other predictors in the model, this suggests that Operational Efficiency is a significant predictor of Retail Financial 
Performance and adds significantly to the variance explained in the dependent variable.  
Finally, an effect size of moderate to big may be inferred from the Retail IT AI Application's f-square score of 0.443. The aforementioned indicates that while operational efficiency significantly influences retail financial performance, retail IT AI applications have a notable impact. 
Path Coefficient
	The provided data shows path coefficients from a structural equation model (SEM) or a similar type of regression analysis that assesses the direct effects of three predictor variables on the dependent variable, Retail Financial Performance.
Path Coefficients
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	Path coefficients can be understood as standardized beta weights, reflecting the strength and direction of the relationship between predictor variables and the outcome variable. 
Customer Satisfaction -> Retail Financial Performance (-0.09): This negative path coefficient indicates that higher customer satisfaction is associated with lower retail financial performance, according to this model. However, the value of -0.09 is relatively small, suggesting that the effect of customer satisfaction on financial performance is negative but weak. 
Operational Efficiency -> Retail Financial Performance (0.6): A path coefficient of 0.6 is a solid positive value, implying that improvements in operational efficiency are strongly associated with increases in retail financial performance. This suggests that operational efficiency is a significant and positive predictor of financial success in the retail sector within this model.  
Retail IT AI Application -> Retail Financial Performance (0.483): The path coefficient of 0.483 indicates a moderate to strong positive relationship between IT and artificial intelligence applications in retail settings and financial performance. This coefficient suggests that using IT and AI substantially positively impacts financial outcomes in retail.  
According to the model, improved financial results are positively and significantly correlated with operational efficiency and the use of IT and AI in retail, even though there may be a little negative correlation between customer satisfaction and financial success. Notably, these coefficients account for additional variables in the model and represent the distinct contribution of every predictor to the dependent variable. 
P Values
The statistical significance of the correlations between different predictors and Retail Financial Performance in submitted data is ascertained using the p-value.
Summary of P Values
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Customer satisfaction has a p-value of 0.351. Given that this is greater than the conventional alpha criterion of 0.05, the reduction in customer happiness and retail financial performance does not correlate statistically. Otherwise, if this link does not exist in the population, there is at least a 35.1% chance that they will find one in the sample. 
The p-value for Operational Efficiency is given as 0. This suggests a strong statistically significant positive association between operational efficiency and retail financial performance, to the extent that the likelihood of finding such a relationship by chance alone (assuming no relationship at all) is essentially nil.  
The p-value for the Retail IT AI Application is likewise reported as 0, indicating a significant positive correlation between adopting IT AI applications in retail and Retail Financial Performance.  
It is essential to understand that a p-value of 0 does not imply a zero probability; rather, it indicates that the likelihood is very low, frequently below a threshold like 0.001, and is beyond the reporting tool's ability to present. These p-values demonstrate solid evidence against the null hypothesis in the Operational Efficiency and Retail IT AI Application cases, strongly supporting a positive link with Retail Financial Performance. 
Conclusion
The study's conclusions provide crucial insights into retail management and greatly influence how companies approach their operations and strategy. It demonstrates that although consumer pleasure has long been seen as essential to retail business, there may be less direct correlation between it and financial performance than thought. This calls into question the status quo and forces a reassessment of retail strategies mostly centered around client satisfaction. As an alternative, the study emphasizes the critical impact of retail IT AI applications and operational efficiency on financial performance. These results point to a need for retail managers to rethink their approach, stressing that the best way to boost profits is to focus and invest in technological breakthroughs, especially artificial intelligence (AI) and operational improvements.  
In conclusion, the study catalyzes change in retail management practices. It advocates for a more balanced approach, integrating customer satisfaction with a stronger emphasis on operational efficiency and technological innovation. This holistic strategy is essential for retailers aiming to thrive in the increasingly competitive and technologically driven market. Furthermore, the study lays a foundation for future research, particularly in exploring the evolving role of AI in retail, and its findings have broader implications beyond immediate business practices. They are instrumental in shaping retail policy and play a pivotal role in the educational development of future retail professionals. By providing a nuanced understanding of the factors influencing financial performance, the study equips retail leaders with the knowledge to make informed decisions, ensuring sustainable growth and adaptability in a rapidly evolving industry. 








References
Alomari, K. M. (2022). Information Technology Practices in the Jordanian Retail Sector: Employee and Customer Perspective. Innovative Marketing, 18(1), 38-48.
Atmoko, A. D. (2023). The Impact of the Application of PSAK 72 on the Financial Performance of Property Companies. KINERJA, 27(1), 75–90.
Biiranee, K. F. B. (2021). Retail Banking and Bank Performance: Evidence from Nigeria. International Journal of Economics and Finance, 13(5), 1-45.
Chaithanya, B. N., & Brahmananda, S. H. (2022). AI-enhanced Defense Against Ransomware Within the Organization’s Architecture. Journal of Cyber Security and Mobility.
Channon, D. F. (1998). The strategic impact of IT on the retail financial services industry. The Journal of Strategic Information Systems, 7(3), 183-197.
Fatimah, S., Idrus, M., Mukhtar, A., Salam, K. N., & Ismawati, I. (2022). Study on service quality on customer satisfaction and loyalty. Jurnal Manajemen, 26(3), 512-532.
Guo, T., & Palaoag, T. D. (2023). Artificial Intelligence Driven E-CommerceBusiness Model Under New Retail Environment. Proceedings of the 2nd InternationalConference on Information, Control and Automation, ICICA 2022, December 2-4,2022, Chongqing, China.
Hirtle, B., & Stiroh, K. J. (2005). The Return to Retail and the Performance of U.S. Banks. SSRN Electronic Journal. 
Khafaga, D. S., Ibrahim, A., El-Kenawy, E. S. M., Abdelhamid, A. A., Karim, F. K., Mirjalili, S., Khodadadi, N., Lim, W. H., Eid, M. M., & Ghoneim, M. E. (2022). An Al-Biruni Earth Radius Optimization-Based Deep Convolutional Neural Network for Classifying Monkeypox Disease. Diagnostics, 12(11), 2892.
Khan, M. A., Vivek, Minhaj, S. M., Saifi, M. A., Alam, S., & Hasan, A. (2022). Impact of Store Design and Atmosphere on Shoppers’ Purchase Decisions: An Empirical Study with Special Reference to Delhi-NCR. Sustainability, 15(1), 95.
Li, S., & Zhu, H. (2022). Enterprise Operating State Evaluation Based on Association Rule Algorithm and Data Set. Computational Intelligence and Neuroscience, 2022, 1–10.
Lin, J. H., Chang, C. P., & Jou, R. (2010). A simple model of retail banking: a liquidity-providing perspective. Applied Financial Economics, 21(4), 251–260. 
Mazilescu, V. (2020). A Helpful Analysis of the Technological Mix based on HPC and Artificial Intelligence for Maintaining Competitiveness in the Business Environment. Annals of Dunarea De Jos University of Galati. Fascicle I. Economics and Applied Informatics, 26(1), 14–21.
Oh, L., Teo, H., & Sambamurthy, V. (2012). The effects of retail channel integration through the use of information technologies on firm performance. Journal of Operations Management, 30(5), 368–381.
Roy, R. (2022). Sustainable Packaging Practices Across Various Sectors: Some Innovative Initiatives Under the Spotlight. Operations and Supply Chain Management: An International Journal, 461–473.
Saqlain, M., Rubab, S., Khan, M. M., Ali, N., & Ali, S. (2022). Hybrid Approach for Shelf Monitoring and Planogram Compliance (Hyb-SMPC) in Retails Using Deep Learning and Computer Vision. Mathematical Problems in Engineering, 2022, 1–18.
Teo, T. S., & Wong, P. K. (1998). An empirical study of the performance impact of computerization in the retail industry. Omega, 26(5), 611–621.
Wang, Q., Lai, F., & Zhao, X. (2008, March 14). The impact of information technology on the financial performance of third‐party logistics firms in China. Supply Chain Management: An International Journal, 13(2), 138–150.
Wang, X., Veeravalli, B., Tan, Y., & Tong, Z. (2022). Security and Makespan Trade-Off Strategy in Fog-Enabled IoT Networks. Security and Communication Networks, 2022, 1–13.
Yang, Y., & Yin, Z. (2023). Resilient Supply Chains to Improve the Integrity of Accounting Data in Financial Institutions Worldwide Using Blockchain Technology. International Journal of Data Warehousing and Mining, 19(4), 1–20.
Yuan, Z. (2022). Rapidly Changing Landscape of Retail in China. Proceedings of the 2022 7th International Conference on Financial Innovation and Economic Development (ICFIED 2022).



image2.png
Retail IT Al
Application

Retail financia

performance
Customer

Satisfaction

Operational
Efficiency





image3.png
Rewl 7 A Applcaton





image4.png
Outer loadings

‘H1 < Retail IT A Application
‘H2 < Retail IT A Application

‘H3 < Retail IT A Application
‘H4 < Retail IT A Application

‘HS < Retail IT A Application

M1 <- Customer Satisfaction

M2 <- Customer Satisfaction

M3 <- Customer Satisfaction

M4 <- Customer Satisfaction

M5 <- Customer Satisfaction
RBI <- Operational Efficiency
'RB2 <- Operational Efficiency.
'RB3 <- Operational Efficiency
‘RB4 <- Operational Efficiency
'RBS <- Operational Efficiency.

1 < Retail Financial Pecformance
52 < Retail Financial Pecformance
53 < Retail Financial Performance
54 < Retail Financial Performance
S5 <- Retail Financial Performance

0925
os1

0903
0595
086
0588
0928
0927
0932
0935
0593
085
0949
0941
0963
0904
0946
0913
0937
0967





image5.png
R-square R-square adjusted

Retail Financial Performance 0.904 0.902





image6.png
F-square

Customer Satisfaction -> Retail Financial Performance 0.009
Operational Efficiency -> Retail Financial Performance 0.688
Retail IT AT Application > Retail Financial Performance 0.443





image7.png
Path coefficients

Customer Satisfaction -> Retail Financial Performance -0.09
Operational Efficiency -> Retail Financial Performance 0.6
Retail IT Al Application -> Retail Financial Performance 0.483





image8.png
Standard

Original Sample deviation T statistics
sample (O)  mean (M) _ (STDEV) (O/STDEV|) P values

Customer Satisfaction

-> Retail Financial

Performance 0.09 0.09 0.096 0.933 0351

Operational

Efficiency -> Retail

Financial

Performance 06 0.602 0.066 9.045 0

Retail IT AT

Application -> Retail

Financial

Performance 0483 0481 0.06 8.027 0





image1.jpeg
@ S:gg II'\S:N ALS Informative Journal of Management Sciences (IJMS) www.cubiciournais.com

www.cubicwriter.com




